SAC (Soft Actor-Critic)
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Fig 2. Double Q vs single Q on Pendulum-v1
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Fig 3. Soft target update vs hard copy on Pendulum-v1
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HahiE Y (Automatic Entropy Tuning)
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Fig 1. Entropy temperature ablation on Pendulum-v1
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ABAE RL KR
1. TD %k — Q-Learning — DQN (BHahf, EHRE0E);
2. MC #%k — REINFORCE — $W86)% (on-policy, Fh2);
3. Actor-Critic - GAE — PPO (fE£5EWE, clip Z45);
4. Bk RL — SAC (A& HZEME, off-policy, HBIREITY).
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