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Value Iteration: Optimal-Value Wave Propagating from the Goal
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Policy Iteration: Residual per Sweep

Value Iteration: Residual Decay (3 iterations, dashed = policy improvement)
o 10° 4
— 10" 4 —— Value Iteration
2 10"
>
1
19x0 107
wn
T E 10°
&
> gx10! 3
FS 20t
g’ z
= E
= = 10
S 7x10" @
8 10° 4
=
g -
E 10
2 1
A 6x10 10 4 === Policy Iteration
T T T T v r T T T T
1 2 3 4 5 6 7 0 20 40 60 80 100 120
Sweep kK Cumulative sweeps

B 3: fHIEA vs RWIEEM (4 x4 GridWorld, v = 0.9), £ : {HEMH) Bellman 75 max, | Vi1 — Vil
BT RE 0 (AR 7 58k ) s A SRISIERPFRZE BT 2B T (RS YR e, 4
Bl 3 fakR. 2 127 R . WA EEIREE A Ve (BE L max, [VYT -V =0).



2. A% (MDP) : {LECREY AW, M (S, AP, R,v) Tt MEKRES
Bellman 7 AEfAE#4 RL fYBLE B

3. Fif: Bellman 2 5T —VIREBITHEE——TD 222038 TXIIrA EAEKINE ) il [RA:
—W); DQN HIMP& Mg Q; SN EL H HAE RN = AL .
FEARE, (RROALREE M MDP f [ FE5E S, FF HIARERECA A4 T LA E 3L
RN A BA R R —=IEA TD £ Kfs [EHBA ] XA R B

it
1. Sutton & Barto (2018). Reinforcement Learning: An Introduction (2nd ed.). Chapters 3-4.
2. Bellman, R. (1957). Dynamic Programming. Princeton University Press.

3. Puterman, M. L. (1994). Markov Decision Processes. Wiley.

4. FTFAb4 3] (Hands-on-RL) . 45 3 2 H/RA[ ke e,



